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Understanding the relationships between hotel variables in Almaty, Kazakhstan:
an investigation using booking.com data

Abstract

Object: The purpose of this article is to study relationships between hotel variables such as star ratings, prices,
customer ratings, distance from the city center, and review numbers for hotels in Almaty, Kazakhstan.

Methods: Data for this study was collected quantitatively from Booking.com using the web scraping tool
Parsehub, a popular tool in contemporary research for web data extraction. Following data collection and the removal of
missing data, 69 cases out of 96 were retained. To address the research questions, the study uses descriptive statistics to
analyze data by star rating categories, performs One Way ANOVA test to determine differences between variables, and
conducts correlation analysis. The analysis tools used include Jamovi and SPSS 23.

Findings: The findings indicate significant differences in customer ratings based on star ratings, a positive correla-
tion between star ratings and prices, a weak, negative relationship between customer ratings and distance from the city
center, and a weak positive correlation between review numbers and customer ratings.

Conclusions: These insights contribute to a better understanding of the hotel industry in Almaty. Results demon-
strate the importance of star ratings, customer reviews, price, and location in understanding the dynamics of the hotel
market.

Keywords: Kazakhstan, Tourism, Booking.com, OTAs, Hotels, Destination, Hospitality.

Introduction

Tourism can be an important sector for economy of Kazakhstan, with the potential to contribute signifi-
cantly to the country's growth and development. However, as a number of performance indicators show,
tourism sector of Kazakhstan is currently just beginning to grow. The World Bank (2022) reports that alt-
hough 8.5 million tourists in Kazakhstan spent $2.9 billion in 2019, average spending per person was only
$343, which is lower than expected compared to countries with well-developed tourism economies. Addi-
tionally, average occupancy was low at 25%, although the number of properties increased by 220% between
2010 and 2019. As of June 2022, the average hotel occupancy rate in the Republic of Kazakhstan was only
22.8% (Bureau of National Statistics, 2022).

As the largest city and former capital of Kazakhstan, Almaty is a primary destination for tourists visit-
ing the country. In 2019, 1.3 million arrivals were recorded in Almaty, of which 898,000 were domestic tour-
ists and 435,000 were inbound tourists (Pchelyanskaya, 2020). Most of these tourists come from neighboring
countries such as Russia, China, Uzbekistan, and Kyrgyzstan (ibid, 2020). However, despite the high number
of tourists, Almaty's tourist accommodation facilities remain largely unclassified and provide minimal ser-
vices, with a total of 335 facilities and 20,669 beds available as of the first half of 2020 (Kazakh Tourism,
2022). The occupancy rate in Almaty's accommodation places was only 29.2%, indicating the need for fur-
ther development and improvement in the city's tourism industry. Despite this fact, it is important to note that
there is intense competition among hotels in this city. This can be attributed to the fact that Almaty is the
largest and most prominent business center in Kazakhstan, attracting both domestic and international busi-
ness travelers, as well as tourists. As such, hotels in Almaty are constantly striving to improve their services
and meet the needs of their guests to remain competitive in the market. It has become crucial for them to un-
derstand customers' needs and preferences to improve their services and stand out from their competitors.
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Booking.com, one of the world's largest online travel agencies, provides a platform for customers to re-
view and rate hotels they have stayed in. These reviews and ratings can be used as valuable sources of in-
formation for hotel managers to assess their performance and make necessary improvements. In recent years,
there has been a surge in scholarly interest towards the analysis of hotels and tourism through online travel
agencies (OTAS) such as booking.com (Agusaj et al., 2017; Diaz & Rodriguez, 2018; Mariani & Borghi,
2018; Martin-Fuentes et al., 2018; Moro et al., 2018; Figini et al., 2020; Borges-Tiago et al., 2021;
Ruytenbeek et al., 2021; Rita et al., 2022). This trend can be attributed to the growing importance of OTAs
in the tourism industry, which has resulted in increased research efforts aimed at understanding the impacts
of these platforms on various aspects of the sector, including consumer behavior, marketing strategies, and
distribution channels. Scholars have recognized the potential of OTA data for conducting large-scale empiri-
cal studies that can inform industry stakeholders and policymakers on key issues related to tourism and hos-
pitality. As such, research in this area is likely to continue to receive significant attention in the future.

The references provided above examine various aspects of the impact of online travel agencies (OTAS)
and Booking.com in the tourism industry. Some studies investigate the impact of the rating systems on cus-
tomer sentiment and tone of voice, and others compare the differences in branding co-creation between
TripAdvisor and Booking.com. There are also studies that analyze the reliability and validity of online repu-
tation databases for lodging, the influence of online ratings on hotel pricing power, and the factors that affect
hotels' online prices. Overall, the studies demonstrate the significance of OTAs and Booking.com in the tour-
ism industry and provide insights into the different aspects of their influence on travelers' decision-making
processes. It should be noted that the studies mentioned were conducted in various locations worldwide, and
it's probable that no research has been carried out on this specific subject in Almaty or even in Kazakhstan.
Thus, conducting a pioneering exploratory or descriptive research on the impact of Booking.com in the tour-
ism industry in Almaty or Kazakhstan would be beneficial. Such study will fill the existing gap in literature
and provide significant insights for local practitioners in the hospitality and tourism industry to effectively
utilize the data from Booking.com in the tourism market.

Thus, the purpose of this study is to explore and comprehend the links between factors for hotels in Al-
maty, Kazakhstan, including star ratings, prices, customer ratings, and distance from the city center. Through
the examination of these variables, this study will add to our present understanding of Kazakhstan's local
tourist business by offering insights into the tastes and behaviors of hotel guests in Almaty. This research has
important applications for hotel managers and owners who want to become more competitive in the market.
They will be better able to comprehend the preferences of their clientele and make defensible choices about
cost, location, and level of service according to the study's findings.

Literature review

Tourism is one of the most significant sectors of the world's economy, having a significant impact on
employment and socio-economic development (Holjevac, 2003). The competitiveness of a destination direct-
ly affects the income generated by visitor numbers and spending, as well as related industries such as hotels
and retail (Tsai et al., 2009). In other words, destination competitiveness and its impact on the tourism indus-
try and related businesses such as hotels and retail are crucial factors for the economic and social develop-
ment of a region or country. The hotel industry, in particular, plays a vital role in the socio-economic and
cultural development of a destination (Go et al., 1994). The performance of hotels is affected by social and
economic factors, and at the same time, the effectiveness of the hotel industry is significantly influenced by
the overall tourism development of a destination (Zhang et al., 2020). In addition, economic status and tour-
ism development have a strong impact on the overall performance of hotels, where hotels can enhance their
occupancy rate and sales income when tourism and economic development of a certain country shows posi-
tive performance (Chen, 2010). On the contrary, a country's competitiveness is influenced by the perfor-
mance of businesses, including hotel businesses (Barros, 2005; Tsai et al., 2009). Therefore, the effective-
ness of the hotel industry and its contribution to the overall tourism product of a destination has a direct im-
pact on a country's competitiveness. Overall, the literature suggests that the tourism industry, particularly the
hotel industry, plays a vital role in the socio-economic and cultural development of a destination. Further-
more, the competitiveness of a destination and the effectiveness of the hotel industry are interlinked, where a
positive performance in the tourism and economic development of a country can enhance the performance of
the hotel industry and, in turn, contribute to the country's competitiveness.

According to Cibere, Basaran, and Kantarci (2020), business owners and managers now see a greater
need for assessing business performance as a result of globalization and growing market competitiveness in
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recent decades. Consultants, academics, and industry professionals use a range of operational indicators,
such as revenue per available room, occupancy, total revenue per available room, average room rate, and
gross operating profit per available room, to evaluate how effectively hotels run their operations (Sainaghi et
al., 2013). In the last thirty years, researchers have used a variety of methods to gauge hotel performance.
These strategies have included non-financial measures, individual financial strategies, and holistic strategies.
Yet, there can be certain issues with using conventional financial accounts to gauge hotel performance (At-
kinson, & Brown, 2001; Zigan, & Zeglat, 2010). The majority of competitive and financial metrics for hotel
performance are narrow (Harrington and Akerhurst, 1996). Furthermore, when utilized as the only means of
assessing performance, some indicators — like customer satisfaction and complaint levels, average daily rate
and revenue per available room, and hotel occupancy — may have drawbacks (Banker et al., 2005;
Tuominen, 2011; Cibere et al., 2020). According to Kantarci et al. (2017), customer-generated material of-
fers information that might impact potential customers' decision-making process in addition to hotels.

Online review platforms have been divided into several categories by Chang et al. (2019): online travel
agencies that rely on transactions, like Booking.com and Expedia, and community-based websites like Yelp,
LonelyPlanet, and Tripadvisor. The combination of customer reviews generates electronic word-of-mouth in
transaction-based online travel agencies (Gligorijevic, 2016; Xiang et al., 2017). These platforms are all
made up of user-generated content that offers trustworthy reviews based on real experiences, assisting cus-
tomers in making educated decisions. For instance, Tripadvisor integrates a variety of user data and infor-
mation tools to offer resources and business models (Yoo et al., 2016).

By serving as intermediate between travelers and hotels, Booking.com and other online travel agencies
(OTASs) have a big impact on the hotel and tourism sectors. These platforms make it simple for customers to
search for and reserve hotels, flights, and other travel-related services, which facilitates a more accessible
and convenient booking process. Booking.com, one of the largest travel marketplaces that serves both big
and small business owners, enables properties worldwide to reach a worldwide audience and expand their
operations (Booking.com, 2023). With over 28 million accommodation listings— including over 6.6 million
unique listings of homes, apartments, and other unique places to stay— the platform is available in 43 lan-
guages. Booking.com strives to make travel comfortable for everyone, regardless of destination or activity,
with round-the-clock customer service (ibid, 2023). Booking.com determines a property's overall rating us-
ing a rating system that is based on reviews from previous visitors. A visitor is requested to post a review of
their stay after their visit is over. A numerical rating on a scale of 1 to 10 is included in the review for vari-
ous categories, including staff, location, amenities, cleanliness, comfort, and value for money. Also, visitors
can post remarks regarding their experience. The average of all the numerical ratings submitted by visitors
who have stayed at the property and written reviews is used to determine the overall rating of the establish-
ment. In order to make sure that the overall rating accurately represents the condition of the property right
now, Booking.com also considers the frequency and recentness of the reviews. The property provides Book-
ing.com with the star rating, which is typically assigned by an official hotel rating agency or another inde-
pendent third party (Booking.com, 2023). The latitude and longitude of the property and the center of the
city or town are usually used to calculate the distance from the center of a city or town that is displayed on
Booking.com. Although the service providers set the prices that are displayed on Booking.com, the platform
retains the ability to use its own resources to finance rewards and other benefits (Booking.com, 2023). In the
field of tourism research, a lot of attention has been paid to studying Booking.com and online travel agen-
cies (OTAS).

The location of a hotel, in addition to its star rating and membership in a larger hotel chain, has long
been recognized in academic discourse as a critical factor in determining room rates. Moreover, certain stud-
ies have revealed a significant association between hotel room rates and the adoption of environmentally sus-
tainable practices by the hotel's staff.

In a study conducted by Fleischer (2012), a comprehensive dataset comprising 2,819 hotel rooms dur-
ing the peak season and 2,406 rooms during the off-peak season was meticulously gathered from Book-
ing.com. The findings of this investigation revealed a striking result: hotel room rates exhibited a notable
increase of approximately 10% when they boasted a scenic view, as opposed to their counterparts lacking
this particular specification. Research indicates that tour prices differ among various tour operators due to
market segmentation. A study conducted by Espinet, Saez, Coenders, and Fluvia (2003) revealed significant
price variations between four-star hotels and others. They also noted that factors like location, hotel size,
proximity to the beach, and the availability of parking had a significant impact on prices. It was highlighted
that attributes like the type of tour operator, location, breakfast, restaurant, TV, room type, and distance from
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the beach played a significant role in determining tour prices (Thrane, 2005). Haroutunian, Mitsis, and
Pashardes (2005) found that price variation was often more influenced by the destination country and the
tour operator rather than the specific attributes of the holiday package. Furthermore, Israeli's (2002) hedonic
analysis of hotel prices in Israel discovered that star ratings consistently had a positive impact on prices, in
contrast to the inconsistent impact of corporate affiliation. The research of Abrate et al. (2011) affirms the
results commonly observed in the predominant hedonic price literature. The models used in this study
demonstrated that both the star rating of a property and its appeal based on location contribute to explaining
variations in prices. They reveal a robust connection with the pricing premium principle, where a higher
price is attributed to quality signals based on reputation, irrespective of the season. These findings align with
the underlying assumptions, indicating that the hotel industry's pricing strategy aims to assess a premium in
correlation with the identified factors driving value.

Moreover, Hu and Chen (2016) in their findings confirmed the interaction effect between hotel star
class and review rating. They state that one unexplored assumption in existing research is the idea that pre-
dictor variables do not interact with each other. However, it's possible that some predictors might have an
interactive effect (ibid, 2016). For instance, two important variables, Hotel star class (HSC) and review rat-
ing (RR), are known to be linked to review helpfulness (O’Mahony & Smyth, 2010; Zhu et al., 2014; Hu &
Chen, 2016, 930). HSC represents a hotel's quality with a star rating, while RR reflects how reviewers per-
ceive hotel quality. Common intuition might suggest a positive correlation between these two variables, but
that's not always the case. When a review rating doesn't align with the hotel star class (for example, a high-
class hotel with a low review rating or a low-class hotel with a high review rating), it tends to attract atten-
tion, increasing the likelihood of the review being read (ibid, 2016). Consequently, the chances of these re-
views receiving a helpful vote may not be the same as reviews that match the expected pattern (high RR for
high HSC or low RR for low HSC). The interaction effect between RR and HSC on review helpfulness ap-
pears highly plausible, but existing literature hasn't addressed this question (ibid, 2016). Agusaj, Bazdan &
Lujak (2017) stated that hotels with higher star ranking are usually higher priced. A hotel's favorable location
enhances its overall worth, enabling hotel managers to command higher prices compared to similar hotels
situated in less advantageous areas (Alegre et al., 2013, 421). Yang, Wong, and Wang (2012) illustrate that
the hotel's location plays a pivotal role in its competitive strategy. Factors like accessibility, the clustering of
amenities, and proximity to public services can contribute to increased profitability since they influence tour-
ists' choices when selecting accommaodations. Location is considered a crucial factor in the hotel industry,
affecting pricing, market share, and a hotel's overall performance (Mellinas, Nicolau, & Park, 2019. Addi-
tionally, it plays a significant role in shaping the guest experience (Mellinas, Nicolau, & Park, 2019, 421).

Although researchers and practitioners often use OTA analysis to measure hotel performance, there is a
severe lack of empirical studies in Kazakhstan's hotels and the wider Central Asian region. Some attempts
have been made and published on scientific platforms like elibrary.ru in the Russian language, including pa-
pers by Bayandinova and Djoldybayev (2015), Kanbayeva (2021), Duysembayev and Kayrbekova (2020),
Krasnova (2018), Nurpeisova et al. (2018), Abenova et al. (2021) and Babaevskaya (2019). However, all of
these papers are based on secondary data and do not employ empirical research methods to study hotel per-
formance in Kazakhstan using Booking.com. Only one paper by Yergesh et al. (2017) was found to analyze
hotel reviews of Kazakhstan on TripAdvisor, but it focused more on the linguistic features of Kazakh lan-
guage than examining hotel performance based on OTA analysis. Therefore, there is a need for more empiri-
cal studies on OTA-based hotel performance in Kazakhstan and the wider Central Asian region.

Methods

To address the research questions, the study will use quantitative data collected from Booking.com. The
researchers utilized a web scraping tool, Parsehub, to extract data from the website based on a defined struc-
ture. Parsehub is commonly utilized in contemporary research studies for data collection. It is commonly
used in both academic and non-academic research projects to extract data from web pages, eliminating the
need for complex code writing. The researchers chose neutral dates for one individual's check-in and check-
out in order to illustrate the list of accommodations in Almaty. 846 lodging options with a variety of charac-
teristics, including price, breakfast availability, and lodging name, were found through this search. As the
study's primary focus was hotels, the researchers narrowed down the results to show only lodging options,
yielding 96 hotels in Almaty. The author used the scraping tool to gather information about these 96 hotels
on five different variables: price, star rating, average customer rating, review count, and distance from the
city center. 69 cases were kept in total after the data was transferred to Jamovi and any missing information
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was eliminated. As stated in the literature review, official organizations or government agencies usually be-
stow star ratings (Booking.com, 2023). It is possible that some hotels will not meet the requirements for a
rating or will not choose to participate in the rating process. But, it's crucial to remember that a hotel's lack of
stars does not always imply that it is of poor quality; in fact, there might be other aspects of the hotel that
should be taken into account when examining the data.

The study will use descriptive statistics, such as the average price, average review numbers, and aver-
age customers' average overall rating, to analyze the data by categories of star rating. The researchers will
also conduct One Way ANOVA test to determine significant differences between star rating categories and
distance from the city center categories. In addition, the study will perform a correlation analysis. To conduct
the analysis, the researchers will use Jamovi and SPSS 23 version. The tools will enable the study to provide
a detailed analysis of the data extracted from Booking.com to address the research questions.

Research questions: 1) Is there a significant difference in “customers' overall ratings” between hotels
with different “star ratings?” 2) What is the relationship between the “star rating” and the “price” for hotels
in Almaty? 3) Do hotels with higher customer overall ratings in Almaty have a closer distance from the city
center compared to lower-rated hotels? 4) Do hotels with closer “distance from the city center” have a higher
“prices” in hotels of Almaty? 5) What is the relationship between the “review number” and the “customers'
overall average rating” for hotels in Almaty?

Results
The Table 1 provides summary descriptive statistics for four variables: “price”, “reviews_number”,
“rating”, and “distance_from_centre”, categorized by different star ratings (3, 4, and 5).

Table 1. Descriptive Statistics for Hotel Data in Almaty derived from Booking.com

Descriptives

star price reviews_number rating distance from_centre
3 27 27 27 27
N 4 34 34 34 34
5 8 , 8 8
3 0 0 0 0
Missing 4 0 0 0 0
5 0 0 0 0
3 25836 675 7.69 4.03
Mean 4 44475 1138 8.33 2.92
5 107337 847 8.46 4.30
3 2130 137 0.196 0.584
Std. error mean 4 2568 207 0.155 0.532
5 17704 268 0.164 1.38
3 22000 424 7.90 3.10
Median 4 40900 708 8.60 1.70
5 116067 666 8.50 2.50
3 11067 714 1.02 3.04
Standard deviation 4 14974 1208 0.903 3.10
5 50074 758 0.463 3.89
3 10000 14 4.90 0.600
Minimum 4 15000 20 5.80 0.400
5 49712 181 7.70 1.00
3 50000 3204 9.30 10.4
Maximum 4 90000 5571 9.70 14.2
5 196000 2569 9.20 12.4

Note — compiled by the authors using the jamovi software

According to Table 1, on average, the 5-star hotels have the highest prices (KZT107,337), followed by
4-star hotels (KZT44,475), and then 3-star hotels (KZT25,836). The 4-star hotels have the highest average
number of reviews (1138), followed by 3-star hotels (675), and then 5-star hotels (847) (Table 1). The range
of review numbers is substantial, with 4-star hotels having the highest variability (from 20 to 5571 reviews).
On average, the 5-star hotels have the highest customer ratings (8.46), followed by 4-star hotels (8.33), and
then 3-star hotels (7.69). On average, the 4-star hotels are the closest to the city center (2.92), followed by
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5-star hotels (4.30), and then 3-star hotels (7.69). In summary, these summary statistics provide insights into
the central tendencies, variability, and distributions of the “price”, “reviews_number”, “rating”, and “dis-
tance_from_centre” variables across different star rating categories for hotels in Almaty.

In order to address the research question “Is there a significant difference in “customers' overall ratings”
between hotels with different “star ratings?”””’, One-Way ANOVA analysis was conducted in Jamovi to com-
pare the means of three groups (Star ratings 3, 4, and 5) based on a dependent variable (rating). One-Way
ANOVA assesses whether there are statistically significant differences between the means of the three
groups (Kenton, 2023). A larger F-value indicates greater differences between group means (Kim, 2014).
The p-value is the probability of observing the data if there were no real differences between the groups
(Dahiru, 2008). In our case, p = 0.015 (Welch's) and p = 0.016 (Fisher's). Both p-values are less than 0.05,
indicating that there is a statistically significant difference between at least one pair of group means. Shapiro-
Wilk Normality Test checks whether the data in each group follows a normal distribution. The p-value for
the “rating” variable is less than 0.001, indicating a violation of the assumption of normality. In other words,
the “rating” variable does not follow a normal distribution, as indicated by the Shapiro-Wilk test (p < .001).
However, the assumption of homogeneity of variances is not significantly violated, as suggested by the
Levene's test (p = 0.158). Researchers should consider the non-normal distribution of the “rating” variable
when performing statistical analyses and choose appropriate tests or transformations as needed. Homogenei-
ty of Variances Test of Levene checks whether the variances in the different groups are roughly equal (Sta-
tistics solutions). The p-value for “rating” is 0.158, which suggests that the assumption of equal variances is
not significantly violated. This is a positive result because it means that the groups have roughly equal vari-
ances (Charlesworth Author Services, 2022).

When there is a significant result in ANOVA, post hoc tests is typically conducted to determine which
specific groups differ from each other. In this case, we have conducted a Tukey post-hoc test for the “rating”
variable between the three groups (Star ratings 3, 4, and 5). For the comparison between Star ratings 3 and 4,
the mean difference is -0.641, and the p-value is 0.023. This difference is statistically significant (p < 0.05).
For the comparison between Star ratings 3 and 5, the mean difference is -0.774, and the p-value is 0.098.
This difference is not statistically significant (p > 0.05). For the comparison between Star ratings 4 and 5, the
p-value is 0.927, indicating that there is no statistically significant difference between these two groups.

In the Table 2, conducting comprehensive correlation analysis, we delve into the relationships between
key variables relevant to the hotel industry in Almaty, Kazakhstan. The analysis tried to investigate various
aspects, ranging from the proximity of hotels to the city center, the number of customer reviews, the overall
customer ratings, hotel prices, and their star ratings. Through Pearson's r and Spearman's rho correlation
analyses, we attempted to explore the strength and significance of the associations among these factors.

Table 2. Correlation Matrix for Hotel Data in Almaty

Correlation Matrix
distance_from_centre | reviews_number | rating price star
distance_from_c ,
— - Pearson's r —
entre
df —
p-value —
Spearman's rho —
df —
p-value —
N J—
reviews_number Pearson's r -0.348** —
df 67 —
p-value 0.003 —
Spearman's rho -0.381** —
df 67 —
p-value 0.001 —
N 69 —
rating Pearson's r -0.250* 0.259* —
df 67 67 —
p-value 0.038 0.031 —
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Correlation Matrix

distance_from_centre | reviews number | rating price star
Spearman's rho -0.345** 0.232 —
df 67 67 —
p-value 0.004 0.055 —
N 69 69 —
price Pearson's r -0.074 -0.006 0.327** —
df 67 67 67 —
p-value 0.545 0.961 0.006 —
Spearman's rho -0.210 0.216 0.471%** —
df 67 67 67 —
p-value 0.083 0.074 <.001 —
N 69 69 69 —
Star Pearson's r -0.053 0.135 0.321** | 0.701*** —
df 67 67 67 67 —
p-value 0.665 0.270 0.007 <.001 —
Spearman's rho -0.127 0.174 0.348** | 0.724*** —
df 67 67 67 67 —
p-value 0.297 0.152 0.003 <.001 —
N 69 69 69 69 —

Note. * p < .05, ** p <.01, *** p <.001.
Note — compiled by the authors using the jamovi software

Research Question 2: What is the relationship between the “star” and the “price” for hotels in Almaty?
To answer the research question based on the correlation matrix provided, we can analyze the Pearson's cor-
relation coefficients (Pearson's r) and Spearman’s rank correlation coefficients (Spearman's rho) between
“star” and “price” (Table 2). Pearson's r for “star” and “price” is 0.701, which is statistically significant at the
p < 0.001 level, denoted as ***. This indicates a strong positive correlation between the “star” rating of ho-
tels and their prices. In other words, as the star rating increases, the price tends to increase as well.
Spearman’s rho for “star” and “price” is 0.724, which is also statistically significant at the p < 0.001 lev-
el (***). This reinforces the strong positive correlation between the “star” rating and the price of hotels in
Almaty. In summary, the results suggest that there is a strong and positive correlation between the “star” rat-
ing and the price of hotels in Almaty.

Research Question 3: Do hotels with higher customer overall ratings in Almaty have a closer distance
from the city center compared to lower-rated hotels? The Pearson's r correlation between “rating” and “dis-
tance_from_centre” is -0.250 (p = 0.038), suggesting a weak negative correlation (Table 2). The Spearman’s
rho correlation between these variables is -0.345 (p = 0.004), also indicating a weak negative correlation.
Based on these correlations, it appears that there is a statistically significant, albeit weak, negative relation-
ship between customer overall ratings and the distance from the city center. In the Almaty hotels’ case the
interaction between location (displayed as “distance from centre” in our case) and customer review ratings is
not to be found.

Research Question 4: Do hotels with closer “distance from the city center”” have a higher “price” in ho-
tels of Almaty? The Pearson's r correlation between “distance_from_centre” and “price” is 0.327 (p = 0.006),
indicating a weak positive correlation (Table 2). The Spearman's rho correlation between these variables is
0.348 (p < 0.001), also indicating a weak positive correlation. Based on these correlations, there is a weak
positive relationship between the distance from the city center and hotel prices.

Research Question 5: What is the relationship between the “review number” and the “customers' overall
average rating” for hotels in Almaty? The Pearson's r correlation between “reviews number” and “rating” is
0.259 (p = 0.031), indicating a weak positive correlation (Table 2). The Spearman'’s rho correlation between
these variables is 0.232 (p = 0.055), also suggesting a weak positive correlation. These correlations show that
there is a statistically significant, albeit weak, positive relationship between the number of reviews and cus-
tomer ratings. Hotels with more reviews tend to have slightly higher customer ratings.

Discussions

As it is seen in Table 1, on average, the 5-star hotels have the highest prices. It matches with Israe-
li’s (2002) hedonic analysis of hotel prices, where it was found that star ratings consistently had a positive
impact on prices, in contrast to the inconsistent impact of corporate affiliation. The research of Abrate et
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al. (2011) affirms the results commonly observed in the predominant hedonic price literature. The models
used in this study demonstrated that both the star rating of a property and its appeal based on location con-
tribute to explaining variations in prices. They reveal a robust connection with the pricing premium principle,
where a higher price is attributed to quality signals based on reputation, irrespective of the season. On aver-
age, the 5-star hotels have the highest customer ratings, followed by 4-star and 3-star hotels. This result is
similar to Hu and Chen (2016) findings, because, they found a correlation effect between review rating and
hotel star class.

A Tukey post-hoc test was conducted for the “rating” variable between the three groups (Star ratings 3,
4, and 5). For the comparison between Star ratings 3 and 4, the mean difference is -0.641, and the p-value
is 0.023. This difference is statistically significant (p < 0.05). This also conforms with Hu and Chen (2016)
findings, where they confirmed the interaction effect between hotel star class and review rating. In summary,
the results suggest that there is a strong and positive correlation between the “star” rating and the price of
hotels in Almaty. Higher-rated hotels tend to have higher prices. As it was clearly reported by
Schamel (2012) in literature review, important factors that influence hotel room pricing are the hotel's star
rating, popularity rating based on customer reviews, advance reservation time, and specific hotel amenities
such as express check-out, room service, or Internet access. As HSC represents a hotel's quality with a star
rating (Hu and Chen, 2016), hotels with higher star ranking are usually higher priced (Agusaj et al., 2017).
The Pearson's r correlation between “rating” and “distance_from_centre” is -0.250 (p = 0.038), suggesting a
weak negative correlation (Table 2). The Spearman's rho correlation between these variables is -0.345 (p =
0.004), also indicating a weak negative correlation. Based on these correlations, it appears that there is a sta-
tistically significant, albeit weak, negative relationship between customer overall ratings and the distance
from the city center. In the Almaty hotels’ case the interaction between location (displayed as “distance from
centre” in our case) and customer review ratings is not to be found.

The Pearson's r correlation between “distance from centre” and “price” is 0.327 (p = 0.006), indicating
a weak positive correlation (Table 2). The Spearman's rho correlation between these variables is 0.348 (p <
0.001), also indicating a weak positive correlation. Based on these correlations, there is a weak positive rela-
tionship between the distance from the city center and hotel prices. Espinet, Saez, Coenders, and
Fluvia (2003) noted that factors like location, hotel size, proximity to the beach, and the availability of park-
ing had a significant impact on prices. It was highlighted that attributes like the type of tour operator, loca-
tion, breakfast, restaurant, TV, room type, and distance from the beach played a significant role in determin-
ing tour prices (Thrane, 2005). In fact, Almaty city is surrounded by Alatau mountains and in most cases,
hotels located at mountains have good views and they are located far from city centre. This ambiguous result
was also demonstrated in Sinclair, Clewer, and Pack’s (1990) uet B mut-pe paper, where they say that prices
for British package holidays tend to rise when hotels are situated away from the central area of Malaga. On
the contrary, some other authors identified a negative correlation between motel prices and the distance from
the center of Ballina, Australia. However, hotel types must be taken into consideration here and should be
analysed separately.

Conclusions

In summary, this research study used quantitative data scraped from Booking.com to examine the rela-
tionships between variables including star ratings, prices, customer ratings, distance from the city center, and
review numbers for hotels in Almaty, Kazakhstan. In order to respond to the following research questions,
these variables were examined: 1) Is there a significant difference in “customers' overall ratings” between
hotels with different “star ratings?”. According to the study, hotels with varying star ratings significantly dif-
fer in terms of overall customer satisfaction. Customer ratings for hotels are positively correlated with their
star ratings, indicating a positive relationship between the two variables. 2) What is the relationship between
the “star rating” and the “price” for hotels in Almaty? The results of the analysis showed a direct relationship
between hotel costs and star ratings. The general belief that hotels with more stars provide better amenities
and services is consistent with the tendency for higher-rated hotels to command higher prices. 3) Do hotels
with higher customer overall ratings in Almaty have a closer distance from the city center compared to low-
er-rated hotels? The findings showed a weak, negative correlation between the distance from the city center
and the overall ratings of customers. 4) Do hotels with closer “distance from the city center” have higher
“prices” in hotels in Almaty? The research showed that there is a weak positive relationship between the dis-
tance from the city center and hotel prices. 5) What is the relationship between the “review number” and the
“customer’s overall average rating” for hotels in Almaty? The study discovered a weak but positive relation-
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ship between a hotel's average customer rating and the quantity of reviews it gets. Customers tend to give
hotels with more reviews a little higher rating.

It is important to recognize some limitations even in light of the insightful knowledge this research has
provided. First off, the study only used information gathered from Booking.com, which might not be repre-
sentative of all lodging options in Almaty. The hotels that were listed on Booking.com were the only ac-
commodations included in the sample. Furthermore, web scraping technologies might not be able to guaran-
tee perfect accuracy, and data availability might have changed since the data was first gathered. Moreover,
statistical analyses and correlation rather than causation are the basis for the study's conclusions. Although
correlations between variables have been found, more research may be necessary to determine the causes of
these correlations. Furthermore, other variables like client demographics and travel intentions that might af-
fect hotel rankings, costs, and locations were not taken into account in the study.

In summary, this study offers insightful information about Almaty, Kazakhstan's hotel sector. It illus-
trates how crucial it is to comprehend the dynamics of the hotel market by taking into account star ratings,
customer reviews, pricing, and location. Nonetheless, additional investigation and an all-encompassing
methodology for gathering data are imperative to completely grasp the intricacies of this sector and the di-
verse elements impacting hotels in Almaty.
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Ka3zakcTaHHBIH AJIMaThl KAJIACBIHAAFbI KOHAK YiiIre KATHICThI Al HBIMAJIBLIAP APACHIHAAFbI
GaitianpicTapabl TyciHy: Booking.com nepexTepin naiigajiany apKbLibl 3epTTey

Anoamna:

Maxcamur: 3eprrey xyMbichl Ka3akcTaHHBIH, OHBIH ilIiHAE AJMAaThl KajlachblHIAaFbl KOHAK YHIIEpAl JKYJIABI3IbI
pelTHHriCI, Oaranapbl, KIMCHTTEPIIH PEHTHUHITEpi, Kajla OpTAJbIFBIHAH KAIIBIKTHIFBI JKOHE KOHAK YHJep Typalisl
miKipJep caHbl apKbUIbl KOHAK Vil aifHBIMaIIbLIaphl apachlHIAFbl ©3apa OalIaHbICThI 3epTTEYre OaFbITTAlIFaH.

Odici: byn 3eprTeyre apHaiFaH JepeKTep 3aMaHayH 3epTTeyJep/eri TaHbIMal BeO-1epeKTep/ieH aKnapaT alaThblH
Kypan Parsehub Be6-0eTiHiH mapcHHT KypaiblH KOJIIaHy apKbUTEl Booking.com calTeIHAH CaHABIK 9MiCIMCH KIHAJIIBL.

Jepexrepni xuHAy JKOHE JKETICIEUTIH HepeKTepli KolomaH kediH 96 wmomimerTiH 69-b1 cakrammel. 3eprrey
CypaKTapblHa >Kayan i3[iey VIIH 3epTTeyle >KYIIbI3Abl pPEHTHHr caHaTTapbl OOMBIHINA AEpeKTepl Taimayra
cUMaTTamMaibl CTATHCTHKA MaiJallaHblIIbl, alHBIMAIbUIAp apachIHIaFbl aibIpMalIbUIBIKTapAbl aHslkTayra One Way
ANOVA Tecrici OpBIHIANABI XOHE KOPPEILIMUUIBIK Tanmay kyprizinmi. [laiimamaneurran tangay OaraapiiaMarapbl
perinze Jamovi skoHe SPSS 23 Hyckachl KOJIaHBUIIBL.

Kopvimuinowr: Hartikenep KyJIBI3IbI PEHTHHITEPre HETI3AENIeH TYTHIHYIIBl PEHTHHITEpIHJEr! aiTapibIKTai
aBIPMAaLIBUTBIKTAP/IbL, JKYJIJIBI3IbI PEUTHHITEP MEH Oarajap apachlHIaFbl OH KOPPENSIMIHbBI, TYTHIHYIIBI PEUTHHITEPI
MEH Kajla OpTaJIbIFbIHAH KAlBIKTHIFBI apachlH/a Tepic OailylaHbICThI JKOHE Kepi OaiiiaHbIC CaHbl MEH TYTHIHYLIBI
PEeUTHHITEPI apachIHIAFbI AJICI3 OH KOPPEJSILUSHBI KOPCEeTEIi.

Tyorcoipoimoama: By unesnap Anmatblarbl KOHAaK yil OW3HECIH jJKakChl TYCiHyre bikman ereni. Harwkenep
KOHAK Y# HapBIFBIHBIH TUHAMUKACBIH TYCIHY YIIH XYIIBI3IB PEHTHHITEPIiH, TYTHIHYIIBUIAPABIH MiKipICpiHiH,
Garayap/IbIH JKOHE OpHaJIacy IbIH MaHbI3AbUIBIFBIH KOpCeTe .

Kinm ce30ep: KazakcraH, TypusM, Booking.com, OTAs, KoHaK yiliep, JeCTHHAIS, KOHAKKANIIBIK,.

H.M. Aogupasaxos, K. T. Kymeo6aes, ®.A. Hymanosa, IL.7K. Opbinéer, I'.E. MblaThIKO2€Ba

IMonnmanue B3aUMOCBsI3€il MeXKy NMepeMeHHbIMHU, CBSI3aHHBIMHU ¢ TOCTHHHIIAMHU
B Anmartsl (Ka3zaxcraH): nccjieoBanmne ¢ HCNoJIb30BaHMeM AaHHBIX Booking.com

Annomauyus:

LJenv: Hacrosiasi uccienoBarenbckas pabora HarlpaplieHa Ha W3y4eHHE B3aUMOCBSI3eH MEXIy MepeMEHHBIMU
oTelsl, TAKUMH KaK 3BE3/IHbIH PEHTHHT, 1IEHbI, PSHTHUHI'M KIHEHTOB, PAacCTOSHHE OT ILEHTPa ropoja M KOJIUYECTBO
0T361BOB 00 oTensix B Anmars (Kasaxcran).

Memoowi: JlaHHbIE JUIi STOTO HMCCIIEAOBAHUS ObLIM COOpaHBl KOJMYECTBEHHBIM MeTomoM ¢ Booking.com ¢
NpUMEHEHWeM HWHCTPYMEHTa mapcuHra Beb-ctpanun Parsehub, momymspHOro B COBpeMEHHBIX HCCIEIOBAHHSAX
HMHCTPpYMEHTa JUIs U3BJIeueHUs1 BeO-TaHHbIX. [locie cOopa HaHHBIX M ylaJleHHs HEAOCTAIOIIUX JIAaHHBIX 69 ciiydaeB U3
96 Obu coxpaHeHbl. {1 pemieHus] BOIPOCOB MCCIENOBAHMS B CTAThe NPUMEHEHA ONUCaTeNbHAas CTATHCTHKA IS
aHanM3a JaHHBIX 110 KaTETOPHSM 3BE3JHOro peiituhra, BoinosnHeH Tect One Way ANOVA nnst onpenesnenust pa3inaui
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MEXAY IEPEMEHHBIMH M IPOBEICH KOPPEJSILMOHHBIN aHanu3. lMcnosib3yeMble MHCTPYMEHTHI aHalli3a BKIIOYAIOT
Jamovi u SPSS 23.

Pesyromamor: Pe3ynbraTel yKa3plBalOT Ha 3HAYMTENBHBIC Pa3iH4usi B PEHTHUHraX KIMEHTOB, OCHOBAHHBIX Ha
3BE3AHBIX PEHTHHIaX, IOJOXUTEIBHYIO KOPPEISIIMIO MEXAY 3BE3IHBIMH pPEHTHHraMH W ILIeHaMH, CJIalyio H
OTPULIATENBHYIO CBSI3b MEXKIYy pPEHTHHIaMH KIHSHTOB M pAacCTOSHHEM OT LeHTpa IopoJa, a Takke clabyio
HOJIOKHTEIIBHYIO KOPPEIIINIO MEXKTy KOIUYECTBOM OT3BIBOB M PEHTHHTaMH KIIMEHTOB.

Buvigoovl: DTH mWaew CIOCOOCTBYIOT JIy4YIIeMy NOHHMAaHHIO TOCTHHHYHOTO Om3Heca B AJMathbl. PesymbraTs
JIEMOHCTPHPYIOT BaXKHOCTh 3BE3IHBIX PEHTHHIOB, OT3BIBOB KJIHMCHTOB, IICH M MECTOIOJIOKEHHS Ui ITOHUMAaHHSA
JMHAMHKU TOCTHHUYHOTO PHIHKA.

Knwouesvie cnosa: Kazaxcran, typusm, Booking.com, OTAS, roCTUHHMIIB, IECTHHAIHS, TOCTEIPUAMCTBO, PEHTHHT,
OT3BIB, KOPPEIISAIHSL.
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